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Presentation Outline

@ Problem description
@ Metrics

@ Data

@ Evolution

@ Conclusions.




Overall goal

@ How 'similar’ are these two graphs/topologies?
@ How do we define similarity:

@ Link count,

@ Node degree distribution,

@ Centrality,

@ Edit distance.




Overall goal

The graphs we examine are different:

we seek to validate ‘Internet like' topologies not Internet
topologies.

Given a metric this can then be used to determine optimum
parameters of a topology generator.

Validation: it is difficult to validate a metric as this would
require a metric!

Important for analysis of economics of the Internef, locating
optimum locations for IXPs and CDN network peering poinfts.
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Internet AS topology models

@ We compare 5 topology generators:

@ The Waxman model

® The 2nd Barabasi and Albert Model (BA2)

® The Generalised Linear Preference model (GLP)
@ The INET model

@ Positive Feedback Preference model (PFP)

@ To 4 data set for the internet at AS level:

® Chinese, Skitter, Routeviews and UCLA




Degree distribution
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Average nelghbor degree
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Clustering coefficients

Clustering coefficients

Clustering Coefficients
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. Internet Evplutilon
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Conclusions

@ Careful choice of metrics
@ Internet fopology is evolving.. look out for our papers

@ Simulations can be subject to wrong assumptions
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